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Executive Summary 
Enterprise AI adoption has entered a paradox. According to McKinsey’s 2025 State of 
AI survey of nearly 2,000 executives across 105 countries, 88 percent of organizations 
now use AI regularly in at least one business function—up from 78 percent a year 
earlier. Yet only 6 percent qualify as AI high performers: firms that attribute more 
than 5 percent of EBIT to AI and describe themselves as capturing significant value. 
The remaining 94 percent are deploying AI without transforming with it. 

The cause is not a shortage of capable models or cloud compute. It is architecture. 
Organizations continue to bolt AI onto legacy workflows, treating it as a feature to be 
added rather than a principle to be designed around. The results are predictable: 
fragmented tooling, unpredictable infrastructure costs, governance gaps that 
expand with each new model, and pilots that perpetually fail to reach production at 
scale. 

 

AI high performers are more than three times as likely to intend 
transformative change, and 55 percent report redesigning core workflows 
when deploying AI—almost three times the rate of peers. The differentiator 
is not the model. It is the organizational architecture around the model. 

 

This paper is a practitioner’s guide for executive teams ready to move from 
AI-enabled to AI-native. It defines what that transition requires, quantifies the 
business case with independently sourced research, presents a phased 
implementation roadmap designed for execution—not aspiration—and introduces a 
unified infrastructure approach that closes the persistent gap between enterprise AI 
pilots and enterprise AI performance. 

 

What This Paper Covers 

•​ A precise definition of AI-native and how it differs architecturally from 
AI-enabled 

•​ An independently sourced business case with verified data from 
McKinsey, Gartner, IDC, and MIT Sloan/BCG research 
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•​ The agentic AI imperative: why the window for building the right 
foundations is compressing rapidly 

•​ The regulatory environment: EU AI Act enforcement timelines and 
implications for enterprise governance 

•​ A four-phase implementation playbook with actionable milestones 

•​ A KPI framework for tracking AI value at the enterprise level 

•​ A ten-point executive action list for leaders ready to act 
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1. What AI-Native Really Means 
AI-native. The term is used extravagantly. Marketing materials apply it to anything 
with a language model attached. For the purposes of this guide, precision matters. 

An AI-enabled enterprise adds AI capabilities to existing applications and workflows. 
The underlying operating model remains intact: humans perform most steps, AI 
provides assistance or surfaces recommendations at defined trigger points, and each 
model deployment is scoped to a single application or dataset. The value is real but 
bounded. 

An AI-native enterprise is architecturally different. It redesigns operations around AI 
as a foundational layer—embedded in systems, processes, and decision pathways 
from the ground up. Data is governed with the same rigor applied to financial assets. 
AI agents orchestrate end-to-end workflows, with humans engaged at 
exception-handling and high-stakes approval steps. Infrastructure is managed as a 
financial instrument, not an IT budget line. 

McKinsey’s research makes the contrast measurable. High-performing 
organizations—those at the top of the 6 percent—are 3.6 times more likely than 
others to be targeting transformative, enterprise-level change with AI rather than 
incremental efficiency improvements. They are also far more likely to have 
redesigned workflows rather than augmented them: 55 percent report fundamental 
process redesign when deploying AI, compared to roughly 20 percent of their peers. 
Among the 25 attributes McKinsey tested for correlation with EBIT impact, workflow 
redesign ranked first. 

 

Dimension AI-Enabled AI-Native 

Workflow 
Design 

AI features added to existing 
processes; humans perform most 
steps with AI assistance 

Operations redesigned around AI 
agents; humans at 
exception-handling and 
high-stakes approval points 

Model Strategy Single-model deployments per 
application; difficult to govern and 
costly to scale 

Governed portfolio of LLMs, SLMs, 
and domain models—routed by 
policy, cost, latency, and accuracy 

Data 
Architecture 

Siloed retrieval, fragmented 
lineage, ad-hoc access 

Curated data products with 
privacy-by-design, auditability, and 
lineage tracking from the start 
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Dimension AI-Enabled AI-Native 

Governance Manual review cycles, inconsistent 
controls, bolt-on compliance 

Model registry, evaluation gates, 
guardrails, and incident playbooks 
built into the platform layer 

Infrastructure Over-provisioned, high CapEx, 
average GPU utilization below 40% 

Heterogeneous virtualization, 
hybrid inference, multi-cloud 
portability—70–90% utilization 

Economics Unpredictable API spend, high 
OpEx, low infrastructure ROI 

Predictable TCO with hybrid 
SLM/LLM routing; on-premise 
payback typically within six 
months 

Sources: McKinsey & Company, The State of AI in 2025 (November 2025); McKinsey & Company, The 
State of AI: How Organizations Are Rewiring to Capture Value (March 2025) 
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2. The Business Case 
The economic case for AI-native transformation is substantial and increasingly 
well-documented. The challenge is that the data is also frequently misread. Broad 
adoption statistics mask a highly skewed value distribution: most of the enterprise 
benefit is captured by a small fraction of organizations, and what they share is not 
superior technology access—it is superior implementation discipline. 

What the Research Shows 

•​ McKinsey estimates AI’s annual economic impact potential at $2.6 to $4.4 
trillion across global industries when deployed at scale within enterprise 
workflows, with the largest value pools in customer operations, marketing and 
sales, software engineering, and R&D. 

•​ Organizations that successfully transition from AI-enabled to AI-native 
operations report 10 to 25 percent EBITDA improvement when AI is 
embedded across core workflows—not piloted at the edges. 

•​ Infrastructure economics alone justify action: 8×H100 cloud GPU instances 
cost between $788,000 and $963,000 per year. On-premise equivalents 
typically break even within six months and run at a fraction of that cost 
ongoing—a return profile that exceeds most enterprise capital programs. 

•​ Average enterprise GPU utilization sits below 40 percent. Best-in-class 
organizations achieve 70 to 90 percent through active heterogeneous 
virtualization and workload scheduling—meaning the hardware most 
enterprises own is already sufficient; the gap is operational, not capital. 

•​ Sixty to seventy percent of enterprise inference traffic is basic enough to be 
served by small language models at $0.20 to $0.50 per million tokens. Most 
organizations pay large language model rates for all of it—a structural cost 
inefficiency that AI-native operations systematically eliminate. 

The Scaling Gap 

Despite broad technology availability, only approximately one-third of organizations 
have begun scaling AI at the enterprise level. Two-thirds remain in experimentation 
or pilot mode. The bottleneck is not model quality—it is the organizational and 
infrastructure capability to take AI from isolated demonstrations to production 
systems that move measurable business outcomes. 
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The organizations that win will not be the ones with the most pilots. They 
will be the ones that operationalize AI at the workflow level, with 
governance and cost discipline embedded from the start—not added later. 

 

The Agentic Inflection 

The arrival of agentic AI—systems capable of autonomous planning and multi-step 
execution across tools and workflows—substantially raises the stakes of infrastructure 
decisions made today. The market data is unambiguous about the speed of this 
transition. 

•​ The global agentic AI market was valued at approximately $7.5 billion in 2025 
and is projected to reach $199 billion by 2034, growing at a compound annual 
rate of approximately 44 percent—the fastest-growing segment in enterprise 
technology. 

•​ Gartner projects that by end of 2026, 40 percent of enterprise applications will 
incorporate task-specific AI agents. By 2028, agentic AI is expected to handle 
33 percent of enterprise software decisions autonomously. 

•​ As of 2025, 62 percent of organizations are at least experimenting with AI 
agents, and 23 percent are actively scaling agentic systems in at least one 
business function. The transition from conversational AI to action-capable 
agents is no longer hypothetical—it is underway. 

•​ Agentic systems have demonstrated the ability to reduce human task time by 
up to 86 percent in multi-step workflows. However, 40 percent of agentic AI 
projects fail when the underlying infrastructure, governance, and data 
foundations are inadequate. Infrastructure quality is the primary determinant 
of agentic AI success or failure. 

The implication for enterprise leaders is direct: the architectural decisions being 
made today—about infrastructure, governance, and data—will determine an 
organization’s capacity to benefit from agentic AI as it matures. Organizations that 
delay foundation-building will find the catch-up cost, measured both financially and 
competitively, increasingly prohibitive. 

Sources: McKinsey & Company, The State of AI in 2025 (November 2025); Fortune Business Insights, 
Agentic AI Market Report (2025); Precedence Research, Agentic AI Market (2025); Gartner, Strategic 
Technology Trends 2025; IDC, AI & GenAI Predictions 2025 and Beyond 
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3. The Regulatory Environment 
Governance is no longer a background consideration in enterprise AI programs. For 
organizations operating in or serving European markets—and increasingly for those 
subject to U.S. federal AI standards—compliance architecture must be designed in, 
not retrofitted. 

EU AI Act: The Enforcement Timeline 

The EU AI Act entered into force in August 2024 and is implementing in phases. 
Organizations that treat August 2026 as a distant horizon are already behind. 

Key EU AI Act Enforcement Milestones 

•​ February 2, 2025 (in effect): Prohibitions on high-risk AI practices are 
enforceable across all 27 EU member states. Penalties: up to €35 million or 
7 percent of global annual turnover. 

•​ August 2, 2025 (in effect): GPAI model governance obligations are live. 
The EU AI Office is operational. National competent authorities must be 
designated. 

•​ August 2, 2026 (upcoming): Full high-risk AI system requirements 
become enforceable for Annex III systems—including AI used in 
employment, credit decisions, education, healthcare, and law 
enforcement. Penalties: up to €15 million or 3 percent of global turnover. 

•​ August 2, 2027: All remaining obligations apply, including 
medium-to-high risk systems embedded in regulated products. 

 

Analysis of organizational readiness suggests the majority of enterprises face 
significant compliance gaps. More than half of organizations lack a systematic 
inventory of AI systems currently in production. Many are applying standard software 
procurement practices to AI without recognizing its distinct regulatory treatment. 
The August 2026 deadline is approximately five months from the writing of this 
paper. 

NIST AI RMF and U.S. Standards 

In the United States, the NIST AI Risk Management Framework provides the primary 
voluntary governance standard. While U.S. federal AI regulation remains less 
prescriptive than the EU Act, board-level scrutiny of AI risk has increased 
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substantially, and sector-specific regulators—particularly in financial services and 
healthcare—are increasingly applying existing supervisory frameworks to AI 
deployments. Organizations building governance programs should treat NIST AI 
RMF alignment as foundational hygiene, not optional aspiration. 

The practical implication: governance architecture that supports model registries, 
evaluation gates, audit trails, and incident playbooks is not merely good practice. For 
organizations operating in regulated industries or European markets, it is a 
compliance requirement with material financial penalties attached. 

Sources: EU Artificial Intelligence Act (Regulation EU 2024/1689); European Commission Digital 
Omnibus Proposal (November 2025); DLA Piper, EU AI Act Analysis (August 2025); NIST AI Risk 
Management Framework 1.0 

 

9 



Bud Ecosystem​ Transforming to an AI-Native Enterprise 

4. Architectural Blueprint for AI-Native 
Operations 
AI-native is not a product organizations buy. It is a fundamental architecture they 
build. The following framework describes the six foundational capability layers that 
enterprise AI programs require, along with the operating model conditions necessary 
to sustain them. 

Core Capability Layers 

Layer What It Requires 

Experience Layer AI capabilities embedded directly into ERP, CRM, and ITSM 
systems. Identity and entitlements drive personalization and 
service-level outcomes. Users interact with AI through familiar 
interfaces rather than separate tooling. 

Orchestration Layer Workflow and agent runtime with tool catalogs, prompt libraries, 
and policy-aware model routing. Coordinates agent behavior 
across systems and enforces organizational constraints at 
execution time. 

Model Layer A governed portfolio of frontier, foundation, and domain-specific 
models—open and closed, large and small—versioned, evaluated, 
and released through defined gates. 

Knowledge & Data 
Layer 

Governed data products with vector and keyword retrieval, 
end-to-end lineage tracking, and privacy-by-design architecture. 
Data is a first-class asset, not a background resource. 

LLMOps / AgentOps Telemetry, evaluation pipelines, cost controls, incident response 
protocols, and rollback capability. Transforms model deployment 
from a launch event into a managed, measurable service. 

Security, Risk & 
Compliance 

Content and data safety controls, DLP, audit logs, and standards 
mapping including ISO/IEC 42001, NIST AI RMF, and EU AI Act 
obligations. Governance built into the platform, not added after 
incidents. 

Operating Model Requirements 

Technology architecture alone does not produce AI-native enterprises. The 
organizational operating model must change in parallel. Based on analysis of 
high-performing AI organizations, the following structural elements are consistently 
present: 
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•​ Executive ownership with CEO sponsorship: a single accountable leader 
with authority to fund and protect domain-level AI programs. Distributed 
ownership across business units without central coordination is the most 
common predictor of pilot-only outcomes. 

•​ Federated product teams with end-to-end accountability: teams that own 
the full cycle—process design, AI implementation, and active change 
management—rather than IT teams that hand off to business owners after 
deployment. 

•​ A shared AI platform function: delivering common services including 
identity, data access, guardrails, model evaluation, observability, and FinOps. 
Platform services prevent duplication and enforce consistent standards across 
the enterprise. 

•​ Dedicated LLMOps and AgentOps capability: the team that manages model 
behavior at production scale, monitors for drift and anomalies, and maintains 
incident response and rollback infrastructure. 

•​ Compliance and security embedded from Day One: not engaged for final 
review, but active participants in design decisions from the program outset. AI 
governance is increasingly a board-level issue; the security function should be 
positioned accordingly. 
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5. The Enterprise AI Management Platform 
Most enterprises attempting the AI-native transition face a structural problem: they 
are assembling the architecture from components sourced from dozens of different 
vendors—separate infrastructure management tools, separate model serving 
platforms, separate governance layers, separate cost monitoring systems. The 
integration burden alone consumes engineering capacity that should be directed at 
building value. 

The alternative is a unified Enterprise AI Management (EAM) platform—a single 
operational layer that covers the full AI lifecycle: development, deployment, scaling, 
and governance. The case for unification is not philosophical. It is operational. 
Organizations that deploy integrated platforms report significantly faster 
time-to-production, more consistent governance, and substantially lower total cost 
of ownership than those assembling point solutions. 

 

The enterprises that build a unified AI management layer now will 
compound the advantage. Those that wait will find the catch-up cost—in 
capital, in talent, and in competitive position—increasingly prohibitive. 

 

What an Effective EAM Platform Delivers 

A unified AI management platform should address four core operational 
requirements simultaneously. Infrastructure fragmentation makes each of these 
harder in isolation; an integrated platform makes them mutually reinforcing. 

Core Capability What This Means in Practice 

Deploy at Scale Support for multiple hardware SKUs across GPU, CPU, HPU, NPU, 
and TPU environments; multiple cloud platforms; 
zero-configuration model deployments; proprietary and 
open-source models across six modalities 

Meet SLAs Automated quantization, kernel optimization, and SLO-aware 
routing; sub-1ms gateway latency; fast cold starts; distributed KV 
caching; cost-aware scaling with budgeting and rate limiting 

Enforce Governance Multi-layered guardrails with sub-10ms latency; zero-trust security 
with model sandboxing and runtime behavioral monitoring; RBAC 
and SSO; full DLP, audit logs, and mapping to ISO/IEC 42001, NIST 
AI RMF, EU AI Act, and White House guidelines 
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Core Capability What This Means in Practice 

Scale Seamlessly Zero-configuration scaling across clusters and clouds; SLO-aware 
autoscaling; internet-scale agent runtime on Dapr microservices; 
MCP and A2A protocol support; no lock-in, no code changes when 
switching hardware or cloud vendors 

 

Hardware independence deserves particular emphasis. The most sophisticated AI 
management platforms are designed to be agnostic across GPU, CPU, HPU, NPU, 
and TPU environments—supporting all hardware configurations across NVIDIA, Intel, 
AMD, Huawei, and Qualcomm—and across major cloud platforms as well as private 
and air-gapped on-premise deployments.  

This eliminates the single most significant source of infrastructure lock-in and gives 
organizations the ability to optimize compute economics continuously as the 
hardware market evolves. 
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6. Infrastructure Economics and FinOps 
Managing AI compute like a financial asset—with active utilization targets, intelligent 
routing, and unit-economics visibility—is one of the most consistently underinvested 
dimensions of enterprise AI programs. The financial opportunity is substantial; the 
path to capturing it is operational, not technical. 

Lever Current State (Typical 
Enterprise) Optimized Deployment 

Cloud vs. 
On-Premise 

A real example (10/2025):​
8×H100 cloud instances: 
$788K–$963K/year with 
unpredictable variance 

On-premise equivalent breaks 
even in ~6 months; ongoing run 
cost a fraction of cloud rates 

GPU Utilization Typical enterprise utilization: 
20–40%; idle capacity is pure 
waste 

70–90% utilization via 
heterogeneous virtualization and 
intelligent workload scheduling 

Inference 
Routing 

LLM API rates applied uniformly 
across all traffic 

60–70% of traffic routed to SLMs 
at $0.20–$0.50/M tokens; LLM 
OpEx reduced 40–60% 

Compute 
Optimization 

Standard inference without 
model compression 

Quantization, pruning, and 
speculative decoding reduce 
compute 60–80% with minimal 
accuracy impact 

Sources: Bud Ecosystem customer benchmarks; McKinsey & Company infrastructure economics 
analysis; IDC Cloud vs. On-Premise AI TCO research 

The Unit Economics Imperative 

Enterprise AI FinOps requires the same discipline applied to cloud spend 
management: active monitoring, clear accountability, and continuous optimization. 
The specific levers are well-established. 

•​ Cost-per-task as a primary metric: rather than monitoring aggregate cloud 
spend, AI-native organizations track the cost of individual AI-mediated 
business outcomes—cost per document processed, cost per customer query 
resolved, cost per code review completed. 

•​ SLM/LLM routing mix as a performance indicator: the percentage of 
inference traffic handled by small language models at low per-token cost is a 
direct measure of infrastructure maturity. Best-in-class organizations route 60 
to 70 percent of workloads to SLMs. 
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•​ GPU utilization as an active KPI: not a passive monitoring metric, but a 
managed objective with clear ownership. Organizations targeting 70 to 90 
percent utilization through virtualization and workload scheduling generate 
substantially more value from existing capital. 

•​ Budget governance at the model and team level: cost limits, rate limits, and 
usage visibility scoped to projects, models, users, teams, and agents—not just 
aggregate infrastructure accounts. 
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7. Use Cases: AI-Native in Practice 
The following three cases illustrate what AI-native architecture produces when 
applied to specific enterprise contexts. Each reflects a different deployment model 
and governance constraint—together they demonstrate the breadth of 
environments in which these principles apply. 

Financial Services — Back-Office Document Automation 

Challenge: High manual processing load, escalating cloud API costs, and 
compliance requirements had kept AI pilots from reaching production at scale. The 
gap between proof-of-concept accuracy and auditable, production-grade 
performance had not been bridged. 

Approach: On-premise AI deployment with hybrid inference—small language 
models on CPU hardware for standard document forms, with LLM fallback for 
complex or ambiguous cases. PII and policy guardrails enforced at the gateway. 
Model registry with evaluation gates before any model update reaches production. 
Full audit trails mapped to regulatory requirements. 

Metric Outcome 

Annual TCO Reduced from ~$2.4M (cloud-only) to ~$768K with hybrid 
on-premise deployment 

Accuracy ~92% with domain-tuned SLM and LLM fallback for edge cases 

Processing Cycle 
Time 

60% reduction in manual processing time per document 

Payback Period ~12–14 months; three-year ROI exceeding 300% 
 

Manufacturing — Real-Time Visual Quality Inspection at the 
Edge 

Challenge: Cloud latency was too high for production-line use cases. Prior computer 
vision systems achieved below 75 percent defect detection accuracy—insufficient for 
quality standards required. 

Approach: Edge AI deployment at each plant facility with optimized vision models 
and early-exit inference. GPU virtualization distributes shared capacity across 
production lines. Sub-10ms inference latency achieved on-site without cloud 
round-trips. 
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Metric Outcome 

Inference Latency Sub-10ms on-site; production line integration without cloud 
dependency 

Defect Detection 
Accuracy 

~94%, a meaningful improvement over the 75% baseline 

Infrastructure Model Shared GPU appliances across lines vs. dedicated per-line systems; 
significant CapEx reduction 

Business Impact 40% reduction in customer returns and warranty claims 
 

Healthcare — Clinical Documentation with Full Data 
Sovereignty 

Challenge: Clinician documentation burden was contributing to workforce burnout. 
Strict data sovereignty requirements, HIPAA compliance obligations, and patient 
safety standards ruled out any cloud-based AI deployment. 

Approach: Air-gapped, on-premise AI deployment with zero external data exposure. 
Medical-domain small language model for structured clinical note generation. 
Guardrails for clinical terminology and patient safety flags. Full EHR integration with 
complete auditability. 

Metric Outcome 

Documentation Time ~45% reduction in physician time spent on clinical documentation 

Data Sovereignty 100% on-premise; passed security and compliance audits; no 
external data transmission 

Documentation 
Accuracy 

~96% accuracy vs. manual baseline across structured note types 

Physician 
Satisfaction 

~87% approval rating; measurable reduction in self-reported 
burnout indicators 
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8. Implementation Playbook 
AI-native transformation does not happen through a single initiative or technology 
deployment. It is a structured organizational change program executed in four 
phases, each building the capability foundation the next phase requires. The timeline 
below reflects realistic enterprise execution; compression is possible, but skipping 
phases is not. 

Phase 1. Foundation and Assessment (Days 0–90) 

Objectives: Establish governance, baseline value opportunity, and platform 
foundations before accelerating deployment. 

1.​ Appoint a dedicated AI-native program team with a single executive sponsor 
and end-to-end delivery ownership—not a steering committee structure. 

2.​ Baseline outcome targets and select 3–5 high-potential value stream domains 
for the first delivery wave. Use ROI modeling to sequence by payback period, 
not by organizational convenience. 

3.​ Deploy platform MVP: identity integration, data access controls, centralized 
logging, model evaluation framework, and cost tracking. These are not 
optional at Phase 1—they are the conditions for safe Phase 2 execution. 

4.​ Establish an acceptable-use policy, data classification rules, model portfolio 
policy, and a sandboxed development environment. Compliance and security 
leads should be engaged as co-owners—not reviewers at the end. 

Phase 2. Pilot, Learn, and Standardize (Months 3–6) 

Objectives: Deliver lighthouse use cases to production with measurable SLOs, and 
establish the reusable patterns that will accelerate Phase 3. 

1.​ Deliver 2–3 lighthouse workflows to production with explicitly defined SLOs 
and evaluation gate criteria. Real production is the only valid test of 
infrastructure readiness. 

2.​ Build a reusable patterns catalog: RAG configurations, tool integrations, 
prompt templates, and model routing logic. The goal of Phase 2 is not just to 
deliver use cases—it is to create the templates Phase 3 will scale. 

3.​ Establish red-team testing, incident response playbooks, and 
showback/chargeback reporting for cost visibility. FinOps discipline should be 
operational by the end of Phase 2. 
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Phase 3. Scale and Industrialize (Months 6–18) 

Objectives: Expand AI-native operations to 10–20 workflows through pattern reuse; 
implement full LLMOps/AgentOps and FinOps discipline; unify governance. 

1.​ Expand to additional workflows using the patterns catalog from Phase 2. 
Reuse should be the default; custom development should be the exception 
with explicit justification. 

2.​ Roll out full LLMOps and AgentOps capability: model behavior monitoring, 
drift detection, automated evaluation, and rollback procedures at production 
scale. 

3.​ Unify governance with automated policy checks and a complete model 
registry. Map all AI systems to EU AI Act risk classifications and NIST AI RMF 
controls. The August 2026 EU AI Act high-risk enforcement deadline falls 
within this phase for most organizations. 

4.​ Conduct internal red-team exercises to surface security and maturity gaps 
proactively. External adversarial testing should follow within six months. 

Phase 4. AI-Native Operations (Month 18+) 

Objectives: Selective closed-loop autonomy; a platform operating model; 
enterprise-level outcome measurement as the steady state. 

1.​ Introduce guardian agents for selective closed-loop autonomy in lower-risk 
workflows. Maintain human-in-the-loop for high-stakes decisions—not as a 
governance workaround, but as a deliberate design choice. 

2.​ Evolve to a platform operating model: centralized shared services, federated 
delivery teams, continuous pattern library expansion. AI-native operations are 
not a project destination—they are an ongoing capability. 

3.​ Measure and publish enterprise-level outcomes: EBIT contribution, revenue 
influence, customer experience metrics. If a number does not have an owner 
and a monthly reporting cadence, it will not improve. 
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9. Enterprise KPI Framework 
What does not get measured does not get managed. Enterprise AI programs 
frequently fail to sustain executive attention because they lack a measurement 
framework that connects AI activity metrics to business outcomes. The five 
categories below span the full operational picture—from value capture to risk 
exposure to infrastructure efficiency. 

Category Metrics to Track Monthly 

Value Workflow cycle time · Cost per transaction · Deflection rate · 
Revenue lift attributable to AI 

Quality Task success rate · Evaluation score · Rework rate · CSAT / NPS 

Reliability P95 latency · System uptime · Incident count · Mean time to 
recovery (MTTR) 

Risk & Governance Policy violation rate · Data leakage incidents · Audit findings · AI 
asset inventory coverage 

Cost & Efficiency Tokens per task · Cost per 1,000 requests · SLM/LLM routing mix · 
GPU utilization · Energy footprint 

 

The critical discipline is ensuring each metric has a named owner, a baseline, a 
target, and a reporting cadence before the associated workflow reaches production. 
Measurement frameworks assembled retrospectively are consistently less effective 
than those built in parallel with deployment. 
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10. Executive Action List 
The following ten actions represent the highest-leverage decisions enterprise leaders 
can take to position their organizations for AI-native operations. They are sequenced 
for practical execution, not for theoretical completeness. 

1.​ Appoint a single executive owner with CEO sponsorship and a clear mandate. 
Fund 3–5 domain value streams for production delivery within six months. 
Distributed ownership without central accountability is the most reliable path 
to pilot-only outcomes. 

2.​ Stand up a dedicated enterprise AI platform team with competencies in 
identity, data access, guardrails, model evaluation, observability, and FinOps. 
Appoint a program manager who spans business and technical domains—the 
translation between these two functions is where programs most frequently 
break down. 

3.​ Deploy a unified Enterprise AI Management platform that covers the full 
lifecycle: development, deployment, scaling, and governance. Assembling 
these capabilities from point solutions is technically possible; it is operationally 
inefficient and typically produces worse security and governance outcomes. 

4.​ Select the first use-case domain with multi-domain expansion already in view. 
Confirm production delivery and measurable outcomes before expanding. The 
pattern of success matters as much as the initial outcome—it is what enables 
organizational confidence to accelerate. 

5.​ Determine deployment architecture early: cloud, on-premise, hybrid, or edge. 
Optimize for data sovereignty requirements and total cost of ownership. 
Infrastructure architecture is much harder and more expensive to change 
after deployment than before it. 

6.​ Adopt hybrid inference and intelligent compute utilization as active financial 
objectives. Target 40–70 percent cost reduction through SLM routing and 
70–90 percent GPU utilization through virtualization. Treat infrastructure TCO 
as a primary KPI from Day One. 

7.​ Operationalize governance as a platform capability, not a review process: 
model registry with versioning, evaluation gates before production release, 
layered guardrails with sub-10ms latency, audit trails, and incident response 
playbooks. Safety embedded throughout is structurally different from safety 
reviewed at the end.  

8.​ Measure enterprise-level outcomes—EBIT contribution, revenue influence, 
customer satisfaction—and publish a monthly KPI scorecard with named 
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owners for each metric. Governance of outcomes is as important as 
governance of models. 

9.​ Establish AI as a formal enterprise capability with a shared services model: 
reusable RAG templates, model portfolios, tool integrations, and prompt 
libraries available through a shared AI services catalog. This is the 
infrastructure of scale - what makes the 10th workflow faster than the first. 

10.​ Begin preparing for agentic AI operations now: permissioned tool access 
controls, guardian agent architecture, human-in-the-loop checkpoints for 
high-stakes decisions, and rollback plans for agentic workflows. The 18-month 
window before agentic AI reaches mainstream enterprise maturity is the right 
period to build these foundations – not after agents are already in production.  
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Conclusion: The Path Forward 
The AI-native enterprise is not a future aspiration—it is the organizational 
architecture being built right now by the 6 percent of companies already generating 
substantial, measurable returns from AI. 

The gap between them and the remaining 94 percent is not model quality, cloud 
access, or budget. It is execution clarity: the organizational will to redesign workflows 
rather than augment them, to govern AI as a managed operational asset rather than 
a collection of experiments, and to build infrastructure that scales autonomously 
rather than requiring constant manual intervention. 

Three forces are compressing the window for action. Agentic AI is arriving at roughly 
44 percent annual growth—organizations that have not built the underlying data, 
governance, and infrastructure foundations will be unable to benefit from it safely. 
Infrastructure economics are penalizing enterprises that manage compute as an IT 
line item rather than a financial asset. And regulatory pressure—particularly the EU 
AI Act’s August 2026 high-risk enforcement deadline—is making governance a 
compliance requirement with material financial penalties, not merely a best practice. 

 

The window to build AI-native foundations is now—the 18 months ahead of 
full agentic maturity. Organizations that invest in the architecture today 
will compound that advantage as the technology develops. Those that wait 
will find the catch-up increasingly expensive. 

 

The path is clear. The playbook is defined. The economic case is documented and 
independently verified. The remaining variable is execution. For organizations ready 
to move from AI-enabled to AI-native, the time to begin is not at the start of the next 
budget cycle—it is now. 
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Bud. 
Simplifying Intelligence. 

About Bud Ecosystem, Inc. 

We are on a mission to democratize generative AI, making it practical, affordable, 
profitable, and scalable for everyone. To achieve this, we are innovating the 
fundamentals of GenAI systems—from runtime environments, to model architecture, 
to agent frameworks. 

Bud empowers enterprises to scale GenAI securely, intelligently, and sustainably. 

 

 

 

25 


	Executive Summary 
	1. What AI-Native Really Means 
	2. The Business Case 
	What the Research Shows 
	The Scaling Gap 
	The Agentic Inflection 

	3. The Regulatory Environment 
	EU AI Act: The Enforcement Timeline 
	NIST AI RMF and U.S. Standards 

	4. Architectural Blueprint for AI-Native Operations 
	Core Capability Layers 
	Operating Model Requirements 

	5. The Enterprise AI Management Platform 
	What an Effective EAM Platform Delivers 

	6. Infrastructure Economics and FinOps 
	The Unit Economics Imperative 

	7. Use Cases: AI-Native in Practice 
	Financial Services — Back-Office Document Automation 
	Manufacturing — Real-Time Visual Quality Inspection at the Edge 
	Healthcare — Clinical Documentation with Full Data Sovereignty 

	8. Implementation Playbook 
	Phase 1. Foundation and Assessment (Days 0–90) 
	Phase 2. Pilot, Learn, and Standardize (Months 3–6) 
	Phase 3. Scale and Industrialize (Months 6–18) 
	Phase 4. AI-Native Operations (Month 18+) 

	9. Enterprise KPI Framework 
	10. Executive Action List 
	Conclusion: The Path Forward 
	Sources and Further Reading 

